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Configuration FFHQ, 1024 x 1(?244 LSUN Car, 512 384

FID Path length  Precision Recall FID Path length  Precision Recall
A Baseline StyleGAN [24] 4.40 195.9 0.721 0.399 3.27 1484.5 0.701 0.435
B + Weight demodulation 4.39 173.8 0.702 0.425 3.04 862.4 0.685 0.488
C + Lazy regularization 438 167.2 0.719 0.427 2.83 981.6 0.688 0.493
D + Path length regularization 4.34 139.2 0.715 0.418 3.43 651.2 0.697 0.452
E + No growing, new G & D arch. 331 116.7 0.705 0.449 3.19 471.2 0.690 0.454
F + Large networks 2.84 129.4 0.689 0.492 2.32 415.5 0.678 0.514
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XEAHERBSXF AT, EIATLATRA

(a) Low PPL scores (b) High PPL scores
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S RERBIHAIRE R AR B R RIFEGATETE
FEXE, XESHSEREGHREEARNIBEERGTHE
RIETAIRIE, BAXATLEERRRESFYELHRE,
BERRNLESRE) GRS, HMREREZEGRE.

XFPRIERMRE, )IGEREPEIEHEME PPL
KSHFFRIEMRRGT TR ERGRE, BAWELT
ERPSEFXFER. BT ERENCITEREREL
BR, RUENELEAERTHEENARARRN—KRMN
.

3.1. FERIEN4k

BE, ETRARE (I, BERKNS]) FEMK
 (Flan, 1 [30]) wEARBAFAR, HEREATE
th. BNIWERS), EMKTRTH RS S b ERR A
K185, NTIAKKET ST E AR K75
B, £ 14 CTER, 816 MMtERvT—r IO E
MRS, FRERETRE, HERIIRIHIUENKEEBR
FITHERIROSERS. MIS B A T SCUARTS.

3.2. BIZKEIEN

RSB BT A B RERRBBEN: W
CREVERVNKITER g METITES MR E N, 58
HITAE33]—3, MSMERESETEN AL, MO
HEEGESARF AR A MOEN, TSERSHRE,
MBI A B TE S B G A PSSR T AR BT,
EEAw € Wik, HpEemsto(W) W = YegsEs
ERWAEREYEmETERETw = 09(W)/0w g
tk, HTRSHETHIKE (FLHaE) s, Bi)

BIENMLRE A :
Ewy-non ([9%y], - )’ @

E 6.BmAUEIKSEL "R R, ERGIh, FEREEE
¥, MESEEIRFST, WREHA.

Hih y REEESHHEEBRENENESR, @
w ~ f(2), ghz RESHH. BIVEHSR C R, &
Bt b, HIWIEEHT w AERERN (BARLREE)
B, ERARIML. EXEMSRERKE, HERSRE
{4 E A,

HTBEMETEMNERITE, RIEHESS
Joy = Vwlgw) - y), SELAERRER SRSt E
[6]. ¥ a EHMSRPNBREREIY g
BERETIE, MTERAS TR SEN S BiRE.

BAIMENEES Odena ZAIRHAY Jacobian "k
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LUEESSEEIRERE. tRGB 1 fRGB /£ RGB HIS4EERREURS
[EEi%, ECE E M F PERNARSEIUFEBREET.

(b) Input/output skips

(c) Residual nets

LT A ARE SRR G 8B ohit, eilrex=8
"RA, REHEIT— I E%RAE. 6 B 7 HEXEME
&, BIPARTERET, ERSEKNEES, S00PER
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E 7a £7R7 MSG-GAN [22], BRSBTSk
EREMERIFIBIRSHICEC DR, 12007 MSG-GAN £
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D original D input skips D residual
FFHQ FID PPL FID PPL FID PPL
G original 4.32 237 4.18 207 3.58 238
G output skips 4.33 149 3.77 116 3.31 117
G residual 4.35 187 396 201 379 203
. D original D input skips D residual
LSUN Car FID PPL | FID PPL | FID PPL
G original 3.75 905 3.23 758 3.25 802
G output skips 3.77 544 3.86 316 3.19 471
G residual 3.93 981 3.40 667 2.66 645
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StyleGAN FR{ERIRIARTIRINGS, BEEGERAITAENLS,
FTEIXEMEERZTIGMRBELER. 7 9 FESPR
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. StyleGAN (A) Ours (F)
Dataset Resolution FID PPL FID PPL
LSUN Car 512x384 3.27 1485 232 416
LSUN CaAT 256x256 8.53 924 6.93 439
LSUN CHURCH 256256 421 742 3.86 342
LSUN HORSE 256256 3.83 1405 343 338
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