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4 G CGEA, v >  wg aQQ W he vQ }—Yl DG 8 @99 10A1 0 Cl{i}bM CONJEM iAQEI b G{i}b
M GONgBEM i AQE

Concat — |
]
Downsample(2)
1
Conv-¢64-s2, LReLU Conv-c64-s2, LReLU
+ )
Conv-c128-s2, IN, LReLU Conv-c128-s2, IN, LReLU
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Conv-c256-s2, IN, LReLU Conv-c256-s2, IN, LReLU
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Conv-c512-s1, IN, LReLU Conv-c512-s1, IN, LReL.U
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Conv-cl-s1 Conv-c1-s1
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