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Batch | Ch. | Param (M) [ Shared | Hier. [ Ortho. | Itr x10° FID IS
256 64 81.5 SA-GAN Baseline 1000 18.65 52.52
512 64 81.5 X X X 1000 15.30 58.77(£1.18)
1024 | 64 81.5 X X X 1000 14.88 63.03(+1.42)
2048 | 64 81.5 X X X 732 12.39 76.85(£3.83)
2048 | 96 173.5 X X X 205(£18) | 9.54(+0.62) | 92.98(+4.27)
2048 | 96 160.6 v X X 185(£11) | 9.18(x0.13) | 94.94(£1.32)
2048 | 96 158.3 v v X 152(£7) 8.73(£0.45) | 98.76(12.84)
2048 | 96 158.3 v v v 165(+13) | 8.51(£0.32) | 99.31(£2.10)
2048 | 64 71.3 v v v 371(£7) | 10.48(+£0.10) | 86.90(+0.61)
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Model | Res. FID/IS (min FID) /1S FID / (valid IS) FID / (max IS)
SN-GAN | 128 27.62/36.80 N/A N/A N/A
SA-GAN | 128 18.65 /52.52 N/A N/A N/A
BigGAN | 128 | 87+ 6/988+28 | 7.7+ .1/126.5+ .1 | 9.6 £ 4/166.3 £ 1 | 25 £2/206 +2
BigGAN | 256 | 8.2+ .2/1564£25 INERUYCES 9.3 £.3/233£1 256 £5/295 £4
BigGAN | 512 10.9/154.9 9.3/202.5 10.9/241.4 24.47275
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Ch. | Param (M) | Shared | Hier. | Ortho. FID IS (min FID) /IS | FID / (max IS)

64 317.1 X X X 48.38 | 23.27 48.6/23.1 49.1/23.9

[ 99.4 v v v 23.48 | 24.78 22.4721.0 60.9/35.8

96 207.9 v v v 18.84 | 27.86 17.1/23.3 51.6/38.1

128 355.7 v v v 13.75 | 30.61 13.0/28.0 46.2 /478
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